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Notation (I will try to be consistent!)

w;: weight from input i d: number of inputs

Wy weight from i to j c: number of outputs
C;: k™ output category

l,: 1r?put 1nde.x : N: number of patterns
Jj: hidden unit index n: pattern label

k: Output unit index (not always!) ¢: target label

a;: weighted sum of inputs ~ x: input data
y: output activation

to unit j
z: hidden unit activation

g():activation function
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Pooling layer downsamples the volume spatially, independently in each depth slice of the input volume. Left: In this example,
the input volume of size [224x224x64] is pooled with filter size 2, stride 2 into output volume of size [112x112x64]. Notice that
the volume depth is preserved. Right: The most common downsampling operation is max, giving rise to max pooling, here
shown with a stride of 2. That is, each max is taken over 4 numbers (little 2x2 square).
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We can specify inputs in several
ways:

— Specify the initial states of all

the units. Wi

— Specify the initial states of a
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inputs at every time step.
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* We can specify targets in RNN L,
several ways:
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— Specify desired final
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